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BIGGESTS: integrated environment for biclustering analysis
of time series gene expression data

BiGGESTS is a software tool for analyzing time series gene expression data and revealing local co-regulations of genes in specific intervals of time using

biclustering algorithms. GO annotations can be integrated and used to assess which of the identified patterns are biologically relevant. The analysis is

additionally supported by a number of preprocessing and post-processing methods, together with a visualization module capable of displaying
informative representations of the data.
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